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DIAGNOSTICS OF MECHANICAL ENGINEERING
PRODUCTS ON SEVERAL GROUNDS

C.B. Kosanescokuii, O.C. Kosanescoka, A.C. [locmasruquii. JliarnocTika BUPo6iB MalIMHOOY/IYBAaHHSI 32 KiJIbKOMA 03HAKAaMH. Y CTarTi
OyJ10 POMVITHYTO METOAM HEPYHHIBHOIO KOHTPOJIIO, IO 3aCHOBaHI Ha Pi3HHMX (i3UYHMX 3aKOHaX i SBHINAX. PO3MISHYTO MOMIMBICTH CTBOPEHHS
HOBOTO AKTYaJIbHOTO IiHCTPYMEHTY JUIS OTPHMAHHS IIMPOKOTO CIEKTPY JAaHMX BHPOOIB MAalIMHOOY/IyBaHHA TAKuX, K (opma, po3Mipu Ta
pO3TallyBaHHS y IPOCTOPI. 3alpOIIOHOBAHO BHUKOPHCTOBYBATH 3BYKOBY IIarHOCTHKY 3 3aCTOCYBAHHSIM BHCOKOYACTOTHOTO ILIMPOKOCMYTOBOTO
CHTHAly JUI 3HATIA YaCTOTHUX XapaKTePUCTUK 00’€KTy. MeToro [HOCIi/DKeHHS € po3poOka METOIMKH OE3KOHTAKTHOTO BHMIpY BHpPOOIB
MalIMHOOY/yBaHHS 3a KiIbKOMa O3HaKaMH. 3a JIOTIOMOTO0 BiOPOAKYCTHYHOI JIarHOCTUKH Ta BHKOPHCTAHHSIM METOJy KOHTPOIS 33 KiJIbKiCHOO
03HAKOI0 0yJ10 3p00JIEHO PO3NO/ILICHHS BChoro 00’eMy Bupo6iB 100 miT. Ha [Bi MapTii : OCHOBHY M KOHTPOJIBbHY, 3HSTO KiUIbKICHI apaMeTpy KOXKHOL
oauHHMLI BUpOOY. 3 JIONOMOrOr0 reHepaTopa 4acToT rnofasascs curaai Bix 0 1o 20000 I'i. YactoTHa XapakTepHCTHKA KOKHOTO 3pa3ska (ikcyBaiacs
y mporpami Spectrum Analiyser. Owiska BiIxuiIeHHs: po3MipiB BUpoOy Ta HOro 4acTOTHOTO CIEKTPY IPOBEIEHO Y MPOrpaMHOMY 3abesredeHHi
NeuroPro 0.25. CtBopena HeHpOHHA MeperKa JI03BOJIIE B PEKIMI PEATBHOTO YacCy MPOTHO3YBATH 3HAYCHHSI ICKLTPKOX KUTBKICHAX O3HAK HE3ATIEKHO
Bi iX mpupoan. OTprMaHa MpaIroroda MoJeNi 300py CTATHCTHYHHX JIAHHMX VIS e(eKTHBHOI poOOTH HelpoHHOI Mepexi. Po3pobieHa Meromka
JI03BOJISIE BHSIBIATH KOH(Irypamifo BHpOOIB HAa OCHOBI HENMpSMHX BUMIpIOBaHb, 4Yepe3 YaCTOTHHMI CreKTp. JlaHy METOmMKY MOJMKIIHBO
BUKOPHUCTOBYBATH [UI [IIAaTHOCTHKU JCTalel 32 T'€OMETPHMYHMMHU O3HaKaMu, (i3MYHMMHU BIIACTHBOCTAMHM, Aeekramu. [[nst mporo HeoOXimHO
30IIBINEHHS BXITHUX JaHWX JUI1 HaBYaHHSA HeiipoHHOi Mepexi. Ilpu nmocrarHili BuOOpmi meraneil 3 pisHMMH aedekTamMu HelipoHa Mepexa 3a
AKyCTHYHO YAaCTOTHUMH XapaKTePHCTHKAMI 3MOYKe IIOAUIATH IeTalli Ha TPYIH TIHUX 1 HETiTHHX 3a Pi3HIMHU O3HAKaMH.

Knouosi cnosa:. HepyiHHIBHUI KOHTPOJIb, HEHPOHHA MEperKa, AIarHOCTUKA, YACTOTHUN CIIEKTP

S. Kovalevskyy, O. Kovalevska, A. Postavnichyi. Diagnostics of mechanical engineering products on several grounds. The article
considers methods of non-destructive testing based on various physical laws and phenomena. The possibility of creating a new topical tool for
obtaining a wide range of data of mechanical engineering products such as shape, size and location in space is considered. It is proposed to use
sound diagnostics using a high-frequency broadband signal to capture the frequency characteristics of the object. The purpose of the study is to
develop a method of non-contact measurement of mechanical engineering products on several grounds. With the help of vibroacoustic
diagnostics and the method of quantitative control, the distribution of the entire volume of products was 100 pieces. on two parties: the main and
control, quantitative parameters of each unit of a product are removed. A signal from 0 to 20,000 Hz was applied by means of a frequency
generator. The frequency response of each sample was recorded in the Spectrum Analiyser program. Estimation of the deviation of the product
size and its frequency spectrum was performed in the NeuroPro 0.25 software. The created neural network allows is predicted in real time values
of several quantitative signs irrespective of their nature. A working model for collecting statistical data for the efficient operation of the neural
network is obtained. The developed technique allows detecting the configuration of products on the basis of indirect measurements through the
frequency spectrum. This technique can be used to diagnose parts by geometric features, physical properties, defects. This requires an increase in
input data for neural network training. With a sufficient selection of parts with different defects of the neural network on the acoustic frequency
characteristics will be able to divide the parts into groups of worthy and unworthy on various grounds.

Keywords: non-destructive testing, neural network, diagnostics, frequency spectrum

Introduction

To ensure the competitiveness of products, it is necessary to ensure its quality and reliability at
optimal costs. Excessive costs for additional testing, technological, inspection and control operations
increase the cost of products in production and increase the price, reducing the competitiveness of
products on the market. That is why in modern conditions the question of choosing the optimal control
strategy to improve the quality and reliability of products, while optimizing costs.

When choosing the optimal control strategy, it is necessary to solve the problem of reliable diag-
nosis and localization of the maximum number of potential defects at minimum cost.

Analysis of recent research and publications

There are two main types of defects [1]:

1. Explicit defects are defects for the detection of which in the regulatory documentation required
for this type of control, the relevant rules, methods and tools. They are usually determined by a visual
method — by inspecting the product and establishing the location, number and size of defects.
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2. Hidden defects are not detected by conventional methods. In metal products — these are inter-
nal cavities: sinks, cracks; in wood — knottiness and rot.

A significant defect significantly affects the intended use of the product and) its durability, but is
not critical. For example, the formation of soot on the spark plug of a car's gasoline engine is a signifi-
cant defect, as it indicates a malfunction of the engine and causes a decrease in its life [2, 3].

The purpose of the tasks of acoustic diagnostics of this class is to determine with the help of vi-
bration or noise signals in which of several possible states is the object under study or which of several
possible objects belongs to this acoustic signal.

We also note the system of acoustic diagnostics, designed for the selection and analysis of a se-
ries of sequential pulses (measured amplitudes, duration, and times of pulses), due to the collision of
parts of a number of machines and mechanisms. The main principle of diagnostics of engineering
structures and structures is to passively collect information from many sound (and ultrasonic) sensors,
its localization and processing to further determine the area and degree of wear of the structure [4].

Acoustic emission (AE) is a consequence of the movement of the environment, which allows you
to use it to diagnose processes and materials. For example, quantitative AE is a criterion of material
integrity, which is determined by the sound radiation of the material during its control loading. The
effect of acoustic emission can be used to detect the formation of internal defects at the initial stage of
destruction of the structure. It can also be used to determine the degree of seismic hazard of geological
rocks, and the emission can be caused artificially [5, 6].

Vibroacoustic treatment is a traditional acoustic treatment, but researchers are losing the ability to
perform acoustic diagnostics not only on one but also on many frequencies.

This diagnostic technique has its own problems: it is a problem of contact of the investigated sur-
face with the measuring device to improve the contact using various lubricating conductors, but it does
not give the desired effect. Therefore, only a large number of parts can randomize the measurement
error of the parts [7, 8].

Quantitative control is implemented by measuring the values of the quality attribute of the prod-
ucts included in the sample and testing hypotheses about the parameters of the distribution of the qual-
ity attribute in the batch (in the general set of products), which guarantee conditions under which the
level of defects in the batch does not exceed the specified value [9, 10].

When controlling the quantitative feature, the controller must perform the following operations:

1. Using the means of measurements to record the value of the controlled parameter;

2. Find the sample arithmetic mean;

3. Evaluate its deviation Q from the nominal value or from the two values of the specified con-
straints (upper or lower);

4. Compare the obtained values with the pre-established control standards and based on the re-
sults of this comparison make decisions on the controlled batch of products (accepts or reject it).

When controlling a quantitative feature, the measurement results themselves are used directly to
test the corresponding hypothesis by calculating some statistics (functions of random measurement
results) and comparing them with the allowable values [11, 12, 13].

Thus, the advantage of quantitative control is that it is more informative and therefore requires a
smaller sample size. However, such control is more expensive, because it requires such technical
means that allow obtaining fairly accurate actual values of the controlled parameter. In addition, for
statistical regulation in the control of quantitative characteristics required (sometimes complex) calcu-
lations associated with the definition of statistical characteristics.

The purpose of the study is to develop a method of non-contact measurement of mechanical en-
gineering products on several grounds.

Presentation of the main material

Based on the analysis of the work performed by the department, the assumption is made about
the need to create a universal tool through which it is possible to obtain a wide range of data on the
object, namely: size, shape, location in space, but without overloading the technological system with
many sensors and others devices for learning data from the tool. For this purpose, the possibilities of
vibroacoustic processing and sound diagnostics with software for converting analog signal to digital
using an ADC and its analogue in the sound card of a PC were used. The principle of operation is that
a high-frequency broadband signal is applied, the frequency signals of the system are separated and
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the signal of the object itself is obtained, with subsequent separation of the main from secondary pa-
rameters of the object required to determine its shape, location or properties (Fig. 1).
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Fig. 1. Scheme of creating a training model
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Fig. 2. Part of the washer type

100 samples were prepared for the experi-
ment. As details the detail of type of a washer
which has six geometrical parameters which are
resulted in Fig. 2 was taken.

In order to identify the size of the samples,
it is necessary to randomly divide the batch into
two parts. With the help of a caliper, the geomet-
rical indicators of the washer-type part were tak-
en, and a table in the Microsoft Excel software
product was compiled (Fig. 3).

Fig. 4 shows a diagram of the experimental
setup. Based on this scheme, special equipment
was used, which is connected in the following
sequence. A generator is connected to the PC
through which the frequency spectrum passed and
entered the installation, so that the signal was
transmitted to the resonator, which in turn passed
the signal through the sample to the receiver.

A piezo element was used for the receiver
and the resonator. The signal coming to the fre-
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Fig. 3. Input about washer part size
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guency receiver came to the PC, where the Spectrum Analiyser program displayed the frequency spec-
trum. Thus, information on the frequency response of each sample was obtained [14].

Piezoelectric Resonant frequency
elements generator
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I
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(Washer type part) poising Ruessacicn

Fig. 4. Scheme of experimental installation

Vibroacoustic treatment is a traditional acoustic treatment, but researchers are losing the ability to
perform acoustic diagnostics not only on one but also on many frequencies. Sound diagnostics: the
maximum information is born from white noise, as the effect of sound decomposition is manifested,
which allows to select elements of the conductor configuration. To recognize the conductor, a set of
statistics of frequency spectra of elements of a complex object is collected.

Thus, the analysis of the properties of the object and its shape is performed, and the frequency
spectrum and the configuration in the form of a graph of the spectrum distribution are obtained.

Next, you need to translate the resulting acoustic spectrum into a visual version for further pro-
cessing and obtaining the necessary features and properties in order to create a model. The data that
were removed from the installation were transferred to a Microsoft Excel spreadsheet, and then a table
of precedents was created for further modeling (Fig. 5).
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Fig. 5. Table of precedents

Based on the precedent table, a neural network was created with the help of software, namely
NeuroPro 0.25, to process the frequency spectrum and detect and filter out the required main parame-
ters of the object.

Based on the trained neural network, the test sample was analyzed in comparison with the pro-
cessed data in NeuroPro and a lack in the batch of Fig. 6 was revealed.

Based on the trained model, statistical information was collected for further use in the identified
forms, properties and location of the processed object with different eigenvalues [15, 16]. The experiment
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showed that the construction of a neural network of parts allows determining almost instantly the geometric
dimensions of parts on the basis of acoustic — frequency characteristics with an accuracy of 0.03 mm.

N |A  |Mporwoscern |Ouwexe  |B |Mpomiosceru |[Oumexa  |C | Mpomioa ceru |Ownoka 2l
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37 479 . 48,43053 . ~0,5305306 30 . 29,3691 06302948 n 11,87178 08717775

38 482 4755003 0649974 314 (320303 06302063 |156 1622936 -0,6293567

39 |4696 476007 06407118 |3088 | 30.7799 0.1001042 1572 | 15.35464 |0,3553636
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Fig. 6. Testing

The results of experimental research proved the possibility of contactless control of products on
several quantitative grounds simultaneously. The number of controlled symptoms is not limited. To
simultaneously control many sizes of products, it is enough to have a neural network model, consistent
with the requirement of maximum dimensional accuracy. The neural network model may have excess
capacity, which allows you to have different types of products and their control. The created neural
network allows predicting in real time values of several quantitative signs irrespective of their nature;
Reduction of neuron-like elements of the model allows increasing its speed, but reducing the accuracy
of the forecast. The practical application of the model can be implemented on the basis of micropro-
cessor technology and can represent an industrial model of a contactless control system of several siz-
es simultaneously.

Conclusions

The article considered the possibility of creating a new topical tool for obtaining a wide range of
data (shape, properties, location in space) on the object of processing and obtaining a working model
for collecting statistical data for further creation of a statistical database. This technique can be used to
diagnose parts by geometric features, physical properties, defects. This requires an increase in input
data for neural network training. With a sufficient sample of parts with different defects of the neural
network on the acoustic frequency characteristics will be able to divide the parts into groups of worthy
and unworthy on various grounds.

The developed technique allows carrying out diagnostics of objects, to reveal a configuration of
products on the basis of indirect measurements, through a frequency spectrum which possess high dy-
namics and speed.
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